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N RiBiTcEEY
SHI AT, KIRRRAR:

#H XARFE
def clean_ text(text):
# KBRS TRT
text = re.sub(r'[*\w\s]', "', text)
# HHNNE
text = text.lower()
# KBRZR=K
text = re.sub(r'\s+', ' ', text).strip()
return text
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X MEEGTR XA /9iEES IR, FRTsER A,

## A
def segment_chinese(text):
words = jieba.cut(text)

return [word for word in words if len(word) > 1]
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{SEFETF-IDFI#EI T ANHEREX:
TF-IDF (IRl-1¥ S3EnER) LM AFIHRRG A,

#H# R

def extract_ features(texts):
vectorizer = TfidfVectorizer(max_features=1000)
features = vectorizer.fit transform(texts)
return features, vectorizer
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MultinomialNBE2&& X A5 359+ M= IAHHT K,

## )l 2Ry KARE
def train_classifier(features, labels):
classifier = MultinomialNB()

classifier.fit(features, labels)
return classifier
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#H# ARG 2T

def predict_category(text, vectorizer, classifier):
# FRALIE
cleaned text = clean_text(text)
words = segment chinese(cleaned text)

processed text = '.join(words)

# FFIEFREN
features = vectorizer.transform([processed text])

# TN 433K
prediction = classifier.predict(features)[0]
probability = classifier.predict proba(features)[0]

return prediction, max(probability)
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{EFAETF-IDF R AR KA :

## TF-IDFXHIAEREN

def extract_keywords_ tfidf(text, top k=10):
words = segment_ chinese(text)
text _processed = ' '.join(words)

vectorizer = TfidfVectorizer(max_features=1000)
tfidf matrix = vectorizer.fit_ transform([text processed])

feature_names = vectorizer.get feature names out()
tfidf scores = tfidf matrix.toarray()[0]

# FREltop_k KA
top_indices = tfidf_scores.argsort()[-top_k:][::-1]
keywords = [(feature_names[i], tfidf_scores[i]) for i in top_indices]

return keywords
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{sSERTextRank & ZAREN KA :
TextRankEFEG X, FMREIERE.

## TextRankcgEaI2EN
def extract_keywords textrank(text, top_k=10):
keywords = textrank4zh.TextRank4Keyword()

keywords .analyze(text=text, lower=True, window=2)
result = []
for item in keywords.get keywords(top_k, word min_len=2):

result.append((item.word, item.weight))

return result
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## NEEROAH

def load sentiment dict():
positive words = set()
negative words = set()

# JNEIEEIADC

with open('positive.txt', 'r', encoding='utf-8') as f:

positive words = set(line.strip() for line in f)

# MEAmEENC

with open('negative.txt', 'r', encoding='utf-8') as f:

negative words = set(line.strip() for line in f)

return positive_words, negative_words
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## BRI
def analyze sentiment(text, positive words, negative words):
words = segment chinese(text)

positive_ count
negative_count

sum(1l for word in words if word in positive words)
sum(1 for word in words if word in negative words)

if positive_count > negative_count:

return "positive", positive_count - negative_count
elif negative count > positive count:

return "negative", negative count - positive count
else:

return "neutral”, ©
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{5 FE)|

## AN ZRE
def sentiment analysis bert(text):
# N FR TR EL
classifier = pipeline("sentiment-analysis",
model="uer/roberta-base-finetuned-chinanews-chinese")

result = classifier(text)

# BEHRR

label map = {"LABEL 0": "negative", "LABEL_1": "positive"}
sentiment = label map.get(result[@][ 'label’'], result[0][ 'label’'])
confidence = result[0][ 'score']

return sentiment, confidence
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# BB
def batch _sentiment _analysis(texts):
results = []
for text in texts:
sentiment, confidence = sentiment_analysis bert(text)
results.append({
"text': text,
'sentiment': sentiment,
'confidence': confidence

1)

return results
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## [FRGEE SN
def sentiment_trend analysis(data):
# datafg=: [{'text': '...', "timestamp': '...'}]

results = []
for item in data:
sentiment, confidence = sentiment_analysis bert(item['text'])
results.append({
"timestamp’': item['timestamp'],
'sentiment’': sentiment,
‘confidence': confidence,
"text': item['text']
})
# YA ES T
df = pd.DataFrame(results)
df['date'] = pd.to_datetime(df['timestamp']).dt.date
daily sentiment = df.groupby([ 'date’', 'sentiment']).size().unstack(fill value=0)

return daily sentiment
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Ask AIFJEEIN

AR FAELITHAS

1. "W SARSHIN S -EIFEERS5? "
2. "CLIPEREIRASEMBIRSERERFIMN? "
3. "ANMEVEEN LPHR B ESERRR A PRI TERE? "
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